PanEcho: Complete Al-enabled echocardiography interpretation
with multi-task deep learning
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MOTIVATION PANECHO OVERVIEW

Multi-view Echocardiography — Multi-task Deep Learning —— Automated Reporting on 39 Tasks

« Echocardiography is the main cardiac imaging modality

» Pros: Cheap, real-time, safe, portable T — 4 PanEcho N porticvave

» Cons: Noisy, operator-dependent = Al solutions lag behind Doppler . . e Lot atrium
Image —> —> Temporal . 3 glsk;,a ve Mitral valve
Encoder —— —>  Transformer 2 tasks

Video Right ventricle

Left ventricle

Embedding 6 tasks
17 tasks

» Existing Al solutions are single-view & single-task S g )y paricarciue

> Inefficient to deploy many specialized models ¢—I—¢
» Real-world workflow calls for multi-view, multi-task analysis

Validation on Diagnostic Echocardiography Validation on Point-of-care Echocardiography
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» Integrates information from all cardiac views | . |
» Performs 39 Interpretation tasks (18 diagnosis, 21 measurement) from all views

» Open-source & reproducible : : . . S .
P P » Internationally validated at multiple sites & on Iimited “point-of-care” scans

POINT-OF-CARE USE INTERPRETABILITY

INTERNATIONAL VALIDATION
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